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Fig. 1: Patterns of Stations in a Certain Railway

Estimating Reconstruction Accuracy of Data Perturbation in Mobile Sensing

Data Perturbation
« Atechnique to protect privacy by randomizing observed values by each user before sending to a server. Spatio-Temporal Information Correction Mechanism for Wildlife Wearable Sensors

The server can restore only statistical information from a collection of randomized sensor data.
* Problem: a server cannot estimate the accuracy of the restored statistical information.
Proposal and Experiment
« Estimate reconstruction accuracy assuming spatiotemporal correlation of the original data. researchers for bringing much natural
* Did an field experiment of mobile environmental sensing in Shibuya, and evaluated the proposal information in detail, but there are
method with the data randomized by the negative survey technique. various obstacles during them.
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LN: Lognormal distribution

through animals with wearable
sensors as carrier pigeons do.
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Goal RN Offloading Mobile Applications to “The Edge”
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xisting (o, ) = (4, 0.7); —Proposed{(a, ) = (4, 0.7)} vision applications are currently being investigated.
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